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744 de AgH 3 9 P2P EWF 1174494 non-P2P
Ed9 5748 2geh 167149 220 e A4s9
[ 1] P2P¢} non-P2PH¥ E#¥ £57F
File-Sharing bltterept, edonky, fileguri,
limewire, morpheus
P2P
Messenger msnsgr, nateon, skype
TV afreeca player, joost, pplive
non-P2P gom, gorealra, iexplore, pop3, ftp
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[F 2] A& Ae5 flow 7]¥H] features

~
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(NT),
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N
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Z(TN)
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bE| o e
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type
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non-P2P 90.6 924
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port type IP protocol (TCP, UDP,...) %]%,_%L WAA, TVE BRss 280 wm 1}%5 o =
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joost E ] recalld} fileguri ] o] precision %5
of AdHor wrs A& #e
morpheus®} joost E#HF o] featured]
fileguri ET oz ZAX EFHA7] wToltt. ufzhA
fileguri®] recall A5 =A%t precision A5 JHygo

= "ol i},

[ 5] AA of=erold e de 54 &%

Pt g5 ..
application (& recall precision
bittorent (0.3) 9 95.9
edonky (0.65) 32 98.8
fileguri (0.07) 100 79.4
limewire (0.65) M 96.9
morpheus (0.6) 64 100
msnmsgr (0.5) 84 94.4
nateon (0.6) 83 91.7
skype (0.4) 84 95.5
afreecaplayer (0.6) 89 90.8
joost (0.6) 78 96.3
pplive (0.5) 84 93.3
gom (0.25) 90 90.1
gorealra (0.5) 96 86.5
iexplore (0.55) 89 91.8
pop3 (0.5) 97 86.6
ftp (0.3) 98 855
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